FDB: A Query Engine for Factorised Relational Databases DEPARTMENT OF

Nurzhan Bakibayev and Dan Olteanu and Jakub Zavodny COMPUTER
. . . UNIVERSITY OF
Department of Computer Science, University of Oxford, Oxford, OX1 3QD, UK SCIENCE OXTFORD
Factorised Relational Databases Query Evaluation Experiments: Query Optimisation
Compact representations that reduce data redundancy and boost query performance Any query can be evaluated by a sequential composition Full search (slower, top series) vs greedy (faster, bottom series):
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This is the best possible bound for factorisations inferred from Q, without looking at D.
How to compute the parameter s(Q)?

» lterate over all f-trees inferred from Q

» For each f-tree 7, for each root-to-leaf path p in 7, compute: Applications
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2. Greedy search: always choose the cheapest operator.

» Compile data into compact factorised form

Publications » Speed up processing of many subsequent queries :
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» Natural fit for large search spaces T 2 s 4 5 6 7 s
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~ FDB: A Query Engine for Factorised Relational Databases N. Bakibayev, D. Olteanu, . Configuration problems in constraint satisfaction RDB (lightweight purpose-built relational engine):
J. Zavodny. In PVLDB 5(11):1232-1243, 2012. » Factorised provenance polynomials » is three times faster than SQLite.
» Demonstration of the FDB Query Engine for Factorised Databases N. Bakibayev, » Compact encoding for provenance information » works on flat data equivalent to the input factorised data.
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